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Abstract: This paper examined the ethical, social, and political dimensions of the Nobel Prize through a critical
interpretive case study of Geoffrey Hinton’s 2025 recognition in Physics. While Hinton’s work in neural networks
revolutionized artificial intelligence (Al), this study argues that the Nobel Prize often valorizes technical and
operational intelligence—defined by learning efficiency and performance—while marginalizing the "ethical
intelligence" and human labor that sustain these systems. Utilizing textual analysis of qualitative Al worker
narratives, Hinton’s public discourse, and scholarly literature, the research identifies a profound "ethical
asymmetry". In this framework, Al is celebrated for its operational capabilities, whereas human laborers, such as
content moderators and annotators, bear the unacknowledged moral and relational weight of Al deployment. The
analysis situates the Nobel Prize within a political economy framework, highlighting how elite networks, Western-
centric biases, and institutional opacity influence recognition. Historically, the Prize has favored technical
breakthroughs over ethical accountability, a pattern reflected in controversial past awards in Peace and Economics.
To address these structural lapses, the paper proposes an integrated framework for societal accountability,
advocating for ethical audits, transparency in selection, and the recognition of marginalized labor. Ultimately, the
study concludes that global prestige institutions must balance the celebration of intellectual achievement with a
robust commitment to moral and social responsibility to remain legitimate arbiters of human progress.
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1. Introduction

The Nobel Prize has long been regarded as the pinnacle of intellectual and scientific recognition,
symbolizing global excellence and the advancement of human knowledge. Yet, despite its prestige, the Prize has
been repeatedly embroiled in controversy, raising questions about its ethical, social, and political implications.
Recent debates surrounding the award of the 2025 Nobel Prize in Physics to Geoffrey Hinton—a pioneer in
artificial intelligence (AI)—highlight enduring tensions between technical achievement and moral accountability.
While Hinton’s work in neural networks and deep learning has revolutionized Al, enabling transformative
technologies with global societal impact, the ethical burdens and human labor underpinning these systems often
remain unrecognized (Nature, 2024;Bantugan, 2026).

Hinton’s notion of intelligence, framed in terms of learning, performance, and scalability, exemplifies a
broader ethical asymmetry: operational intelligence is celebrated in machines, while humans bear the moral and
relational weight of Al deployment (Bantugan, 2026). This mirrors historical patterns in the Nobel Prize, where
laureates have been honored for accomplishments that, though technically significant, carried unresolved ethical,
social, or political consequences. Previous controversies—from Peace Prize awards to politically contentious
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figures to Economics Prizes that reinforce ideological dominance—illustrate the structural and political
dimensions of Nobel recognition (Panoptic Factotum, 2025; Countercurrents.org, 2025).

Such patterns reflect the political economy of the Nobel Prize, in which elite networks, institutional
inertia, and opaque decision-making shape whose contributions are recognized and whose labor or ethical
responsibility is obscured. The Prize’s governance structures, deeply rooted in Swedish and Norwegian academic
and political institutions, tend to valorize prestige, technical innovation, and operational efficacy over ethical
deliberation and social accountability (Developing Economics, 2024). Consequently, the Prize risks perpetuating
moral asymmetries, failing to acknowledge the ethical labor that sustains high-impact innovations, and reinforcing
global hierarchies of knowledge and influence.

Given its symbolic authority and global influence, the Nobel Prize carries profound ethical
responsibilities. Society-at-large can reasonably expect that awards not only recognize technical or intellectual
excellence but also consider the moral and social consequences of laureates’ work, embrace transparency, promote
inclusivity, and highlight under-recognized labor contributions (Nature, 2024; Panoptic Factotum, 2025).
Addressing these responsibilities, however, faces considerable challenges rooted in the institution’s secrecy, elite
entrenchment, disciplinary rigidity, and historical lag in ethical adaptation. Yet, through mechanisms such as
public scrutiny, ethical audits, institutional reform, and diversified nominations, society can pressure the Prize to
align recognition with contemporary ethical standards and social justice imperatives (Developing Economics,
2024; Countercurrents.org, 2025).

I1. Intelligence and Ethical Dimensions

Intelligence is traditionally conceived in the Nobel context as technical or cognitive accomplishment.
Geoffrey Hinton’s work in artificial intelligence exemplifies a connectionist notion of intelligence, emphasizing
learning capacity, performance optimization, and representational efficiency (Nature, 2024). Hinton contends that
contemporary Al systems genuinely comprehend the content they generate, doing so in ways that closely resemble
human understanding, thereby portraying intelligence as something that can be expanded and functionally applied
rather than as a capacity grounded in moral responsibility. (Nature, 2024).

In contrast, intelligence as experienced by Al workers is ethically laden and socially situated. Workers
tasked with content moderation, annotation, and Al supervision exercise judgment that is culturally and morally
contingent, bearing emotional and social consequences (Bantugan, 2026). This distinction highlights an ethical
asymmetry: Al is operationally intelligent but morally indifferent, while human labor carries the ethical burden
of ensuring responsible outcomes (Bantugan, 2026; Nature, 2024).

II1. Ethical Lapses and Responsibility in the Nobel Prize

The Nobel Prize has historically faced criticism for ethical lapses in recognizing achievements without
considering broader societal consequences. Controversies surrounding Peace and Economics awards demonstrate
the moral and political complexity of recognition, where laureates’ work may be prestigious yet ethically
contested (Countercurrents.org, 2025; Developing Economics, 2024). Scholars have argued that the Prize often
valorizes technical or ideological accomplishments while neglecting the social and ethical labor that underpins
them (Panoptic Factotum, 2025).

These lapses are intensified in emerging fields such as Al, where the societal impacts of technological
innovation—including labor exploitation, bias, and potential harm—are diffuse, yet the laureates receive
recognition primarily for technical innovation (Nature, 2024).
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Iv. Political Economy and Institutional Bias

The Nobel Prize operates within a political economy framework, reflecting elite networks, institutional
hierarchies, and Western-centric academic dominance (Panoptic Factotum, 2025). Decision-making is
concentrated among select academies and committees, perpetuating structural biases and limiting ethical oversight
(Developing Economics, 2024). The Prize’s symbolic authority also functions as a tool of legitimacy, shaping
public perception of what constitutes valuable knowledge or achievement, often irrespective of social or moral
consequences (Countercurrents.org, 2025).

The political economy perspective clarifies why structural reforms—such as ethical review panels,
diversified committees, and public accountability mechanisms—are necessary to align the Nobel Prize with
contemporary societal and ethical standards (Panoptic Factotum, 2025; Developing Economics, 2024).

V. Hinton’s AI Lecture in YouTube: AI and Our Future

In this public lecture which happened on January 7, 2026 and uploaded on YouTube the following day
(https://www.youtube.com/watch?v=UccvsYEp9yc&t=918s), Nobel Laurcate Professor Geoffrey Hinton
explored the evolution of Al, the fundamental differences between biological and digital computation, and the
existential risks posed by superintelligent systems. Hinton traced the transition of Al from a logic-based symbolic
paradigm to the current biologically inspired neural network model, explaining that large language models
(LLMs) achieve true understanding by deforming high-dimensional "word shapes" to fit contextual "gloves". The
lecture highlighted a critical divergence between humans and Al: while biological brains perform mortal
computation—where knowledge dies with the hardware—digital systems allow for the efficient sharing of
trillions of connection strengths across thousands of agents, enabling them to learn at speeds millions of times
faster than humans. Hinton warned that this rapid scaling will likely produce superintelligence within the next
20 years, bringing risks of job displacement, human manipulation, and even existential threats through the
autonomous creation of sub-goals like self-preservation. To mitigate these dangers, Hinton proposed an
international collaborative framework focused on Al safety, suggesting a "maternal" model of Al development
where superintelligent systems are engineered to care for humanity’s potential rather than seeking to dominate it.

Geoffrey Hinton’s public lecture on Al is significant not only because of who delivers it—a Nobel
laureate and foundational figure in deep learning—but also because of #ow it intervenes in the evolving landscape
of Al research, governance, and public meaning-making. Its significance can be understood across scientific,
epistemic, ethical, institutional, and political-economic dimensions.

Scientific Significance: Consolidating a Paradigm Shift. Hinton’s lecture consolidates the
connectionist paradigm as the dominant explanatory framework for contemporary Al. By emphasizing learning
through massive neural networks rather than symbolic reasoning, Hinton reinforces the idea that intelligence
emerges from scale, data, and representation rather than explicit rules (Hinton, in City of Hobart, 2026).

This matters because public lectures by figures like Hinton do not merely describe scientific consensus;
they help stabilize it. His claims that large language models “understand” language in ways comparable to humans
normalize a view of intelligence as functionally equivalent across substrates, accelerating acceptance of deep
learning as the scientific foundation of AI (Hinton, in City of Hobart, 2026).The lecture functions as a
paradigmatic seal, legitimizing scale-driven Al research and marginalizing alternative models of intelligence.

Epistemic Significance: Redefining “Understanding” and “Intelligence”. Hinton’s lecture plays a
crucial epistemic role by redefining intelligence in operational terms—learning, prediction, and performance—
rather than moral reasoning, consciousness, or social responsibility. By asserting that Al systems “understand
I ——
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what they’re saying,” Hinton shifts public and academic discourse toward instrumental epistemology, where
correct output substitutes for interpretive understanding (Hinton, in City of Hobart, 2026).

This redefinition is consequential because epistemic authority flows from such definitions. What counts
as “knowledge,” “reasoning,” or “understanding” increasingly becomes what machines can demonstrate at scale,
rather than what humans can justify ethically or socially (Bantugan, 2026).The lecture reshapes the boundaries of

99 <

legitimate knowledge, privileging computational competence over ethical or experiential intelligence.

Ethical Significance: Narrowing Ethics to Control and Risk. Ethically, Hinton’s lecture is notable for
what it includes and excludes. Ethics appears primarily as a problem of risk management: how to prevent Al
from causing harm or escaping human control (Hinton, in City of Hobart, 2026). Moral agency, accountability,
care, and lived consequence are largely absent.

This framing aligns with what critics describe as engineering ethics, where ethical responsibility is
reduced to technical safeguards rather than moral deliberation or social justice (Floridi et al., 2018). In contrast to
Al workers’ experiences—where ethical judgment is continuous, embodied, and emotionally costly—Hinton’s
ethics remains abstract and future-oriented (Bantugan, 2026).The lecture legitimizes an ethics of containment
rather than responsibility, reinforcing moral asymmetries between machine intelligence and human labor.

Institutional Significance: Producing Authority and Legitimacy. As a public lecture by a Nobel-
recognized figure, Hinton’s talk carries institutional authority that extends far beyond academic circles. Such
lectures influence: research funding priorities, public trust in Al systems, policy discourse on Al governance, and
media narratives about Al inevitability.

Institutional recognition transforms speculative claims into authoritative visions of the future (Mirowski,
2011). When Hinton speaks, Al is not merely a technology—it becomes a civilizational force framed as inevitable
and autonomous. The lecture participates in the political economy of prestige, where elite recognition amplifies
certain futures while silencing others.

Political-Economic Significance: Naturalizing AI Power. Hinton’s lecture contributes to the
naturalization of AI dominance. By presenting Al development as a logical continuation of learning systems
rather than as a product of labor extraction, data colonialism, and platform capitalism, the lecture obscures the
political economy underlying Al (Couldry & Mejias, 2019).

Absent from the lecture are: ground-level Al workers, data exploitation practices, unequal global labor
relations, and concentration of power in tech corporations. This absence matters because public lectures help
define what is thinkable. When labor and inequality disappear from the narrative, Al progress appears ethically
neutral and socially inevitable (Bantugan, 2026). The lecture stabilizes a depoliticized vision of Al that benefits
dominant institutional and corporate actors.

Discursive Significance: Shaping Public Imagination. Finally, Hinton’s lecture shapes how society
imagines the future. By framing Al as increasingly autonomous, intelligent, and potentially uncontrollable, the
lecture oscillates between optimism and existential fear. This dual framing elevates Al researchers as prophetic
figures, positions society as reactive rather than deliberative, limits democratic engagement with Al futures.

As public imagination aligns with elite technical narratives, alternative futures—ethical, labor-centered,
participatory—become harder to articulate (Jasanoff, 2015). The lecture does not merely inform the public; it
disciplines public imagination.
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Thus, Hinton’s public lecture is significant because it operates simultaneously as: a scientific
consolidation of deep learning dominance; an epistemic redefinition of intelligence; an ethical narrowing of
responsibility; an institutional amplifier of authority; a political-economic veil over labor and power. In short,
the lecture is not just about Al—it is about who gets to define intelligence, ethics, and the future.

VI Theoretical Framework

The recognition of Geoffrey Hinton’s contributions to Al by the Nobel Committee necessitates a
framework that integrates the following theoretical perspectives:

Framed by Socio-Technical Systems Theory, this analysis distinguishes between the "hard" technical
layer and the "soft" human layer of innovation. Operational Intelligence—defined as the capacity for system
performance and algorithmic problem-solving—is often treated as an isolated technical triumph (Nature, 2024).
In contrast, Ethical Intelligence involves the relational labor, moral judgment, and capacity to bear social
consequences (Broussard, 2018). The framework suggests that the Nobel Prize primarily rewards the former,
creating a "technical fetishism" that decontextualizes the invention from its human dependencies.

Utilizing Miranda Fricker’s concept of Epistemic Injustice, we observe an "ethical asymmetry" in
institutional recognition. While digital systems are valorized for operational efficiency, the interpretive and moral
labor performed by "ghost workers"—which Hinton’s "immortal computation" relies upon—is subjected to
testimonial injustice. Their contributions are not only unpaid but are systematically excluded from the narrative
of "intelligence" (PanopticFactotum, 2025). This reflects an ethical lapse where institutions celebrate the "brain"
(the algorithm) while ignoring the "nervous system" (the global labor force).

The Nobel Prize functions within a Political Economy of Prestige, where recognition is mediated by elite
networks, Western-centric disciplinary norms, and institutional inertia (DevelopingEconomics, 2024). This lens
explains how the Prize acts as a gatekeeper, legitimizing specific forms of "high-tech" intelligence while
marginalizing the ethical labor of supporting actors in the Global South (Countercurrents.org, 2025). Recognition
is thus a tool of power that reinforces which narratives of progress are deemed "Nobel-worthy."

To mitigate structural biases, the framework incorporates Societal Accountability Mechanisms. These
are external "checks and balances" provided by civil society, media, and policy organizations that monitor and
critique institutional standards (PanopticFactotum, 2025). These mechanisms demand transparency and "Ethical
Audits" of candidates, forcing a feedback loop that attempts to align the Nobel’s output with contemporary moral
norms regarding labor and social impact.

The Nobel Prize is conceptualized as an intermediary node in the global knowledge economy: (1) System
Inputs: Technical and operational breakthroughs (e.g., Hinton’s neural networks); (2) Mediating Filters:
Institutional structures, elite networking, and ethical evaluation (or the lack thereof); (3) System Outputs:
Legitimacy, global prestige, and the setting of future research agendas. (4) Feedback Loop: Societal scrutiny and
labor advocacy (as seen in the Nairobi documentary) provide a critical corrective, pushing the Prize toward a more
holistic definition of achievement that includes the ethical conditions of production.

This integrative framework explains how operational intelligence is valorized, ethical labor is
marginalized, and institutional structures shape recognition while offering pathways for societal intervention

to correct historical and structural ethical lapses Bantugan, 2026; Nature, 2024; Panoptic Factotum, 2025).

Statement of the Problem
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This paper examined the ethical, social, and political dimensions of the Nobel Prize, using Hinton’s Al
award as a case study to interrogate longstanding ethical lapses, the political economy of recognition, and potential
mechanisms for societal accountability. By doing so, it seeks to contribute to ongoing debates about how global
prestige institutions can balance the celebration of human achievement with moral and social responsibility.

VII. Methodology

Research Design: Critical Interpretive Case Study

This study employs a critical interpretive case study design, suitable for examining the complex and
ethically charged landscape surrounding artificial intelligence (Al), intelligence conceptualizations, and the
societal recognition of technological achievement. A critical interpretive approach allows for the analysis of
power dynamics, ethical asymmetries, and social constructions of intelligence, centering both the lived
experiences of Al laborers and the narratives of influential Al researchers like Geoffrey Hinton.

Case study methodology enables an in-depth exploration of Hinton’s Al contributions as a focal point
while situating them within broader institutional, ethical, and societal contexts. This design prioritizes rich,
contextually grounded understanding over generalizability, recognizing that the ethical and social dimensions
of Al cannot be fully captured through quantitative metrics alone (Yin, 2018).

Data Sources and Construction
Three primary sources were utilized for textual analysis and data construction:

Ground-Level AI Labor Experience. Bantugan’s (2026) study, Artificial but Not Intelligent: The
Essence of Ground-Level Artificial Intelligence (AI) Labor Experience and the Ontology of Intelligence, provides
qualitative narratives of content moderators, annotators, and Al trainers. These narratives foreground ethical
labor, moral judgment, and relational intelligence that remain largely invisible in the discourse of Al
innovation. These accounts serve as primary texts for interpreting the human-centered, ethically embedded
dimensions of intelligence.

Public Narrative of AI Research. Geoffrey Hinton’s public talk, 47 and Our Future: A Public Talk by
Nobel Laureate Geoffrey Hinton (Hinton, in City of Hobart, 2026), was transcribed and analyzed. Hinton’s
discussion of Al intelligence, learning mechanisms, and emergent capacities highlights technical and operational
conceptions of intelligence, revealing contrasts with the ethical labor emphasized by ground-level workers. This
source enables a comparative lens between operational intelligence and socially situated intelligence.

Online Literature and Scholarly Sources. Complementary online articles, journals, and critical
analyses were reviewed to situate the case study within broader discussions on the Nobel Prize, political
economy, and ethical responsibilities of recognition institutions (Developing Economics, 2024; Nature, 2024;
Panoptic Factotum, 2025). These sources provide context for understanding the institutional and societal
dimensions influencing intelligence recognition.

VIIIL. Data Analysis

Textual Analysis and Synthesis. A critical textual analysis approach was employed to extract and
synthesize themes from the collected sources. The analysis followed three iterative stages:

Brian Bantugan Page 55



International Journal of Arts and Social Science www.ijassjournal.com
ISSN: 2581-7922,
Volume 9 Issue 4, April 2026

Thematic Identification: Key themes were coded from each source, focusing on conceptions of
intelligence, ethical labor, operational performance, institutional recognition, and societal consequences.

Comparative Analysis: Themes from Hinton’s public discourse were compared with Al workers’
narratives in Bantugan (2026), highlighting ethical asymmetries and epistemic contrasts between celebrated
operational intelligence and under-recognized ethical labor (Nature, 2024).

Synthesis and Framework Development: Findings were synthesized into an integrated framework
connecting technical achievement, ethical responsibility, institutional recognition, and societal
accountability, forming the basis for understanding the moral and social implications of the Nobel Prize in the
context of Al (Panoptic Factotum, 2025; Developing Economics, 2024).

This process of textual interpretation and synthesis emphasizes meaning-making, reflexivity, and
attention to power relations and moral consequence, central to the critical interpretive case study methodology.

Ethical Considerations
Ethical rigor was prioritized throughout the study. Key considerations include:

Respect for Human Labor Narratives: Al workers’ experiences, as reported in Bantugan (2026), were
analyzed with sensitivity to emotional and psychological dimensions. Direct quotations were used responsibly to
preserve meaning while avoiding decontextualization.

Accuracy and Integrity of Sources: Hinton’s public talk and online literature were cited faithfully,
maintaining the integrity of original claims and avoiding misrepresentation (Nature, 2024).

Reflexivity: The research acknowledges the ethical asymmetry between human labor and
institutional recognition, situating the researcher as an interpreter responsible for ethically contextualizing these
narratives.

Confidentiality and Consent: While the study primarily relies on publicly available texts, ethical
standards from qualitative research practices were applied to interpret narratives without causing harm or
misattribution (Yin, 2018).

Collectively, these considerations ensure that the study respects human subjects, preserves epistemic
integrity, and foregrounds moral and social accountability, aligning with the critical interpretive methodology.

I1X. Results

Hinton’s Notion of Intelligence Underlying Artificial Intelligence

Geoffrey Hinton grounds artificial intelligence in a notion of intelligence that is learning-centered,
distributed, probabilistic, and biologically inspired, rather than symbolic or rule-based. He explicitly contrasts
this with earlier traditions in Al that equated intelligence with formal reasoning and manipulation of symbols. As
Hinton explains, for much of AI’s early history, intelligence was understood as logic: “People thought the essence
of intelligence is reasoning... you have symbolic expressions written in some special logical language and you
manipulate them to derive new symbolic expressions”. This view privileged explicit rules, representations, and
logical operations as the core of intelligent behavior.
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Hinton rejects this symbolic paradigm in favor of a neural conception of intelligence, inspired by how
brains actually work. He argues that the only known intelligent systems are biological, and these systems do not
operate by manipulating symbols but by learning from experience: “The only intelligent thing we know about are
brains... the way brains work is they learn the strengths of connections between brain cells”. Intelligence, in this
view, is not primarily about reasoning explicitly but about adjusting connection strengths through practice
until a system becomes competent at a task.

Central to Hinton’s account is the idea that intelligence emerges from learning statistical structure in
data, not from encoding rules in advance. Modern Al systems, particularly large language models, exemplify this
notion. He emphasizes that these systems do not store explicit knowledge in the form of sentences or facts: “They
don’t actually store any strings of words. They don’t store any sentences. All their knowledge is in how to convert
words into features and how features should interact”. Intelligence, therefore, resides in distributed
representations—patterns of activation across many units—rather than in discrete symbols.

Hinton further elaborates that understanding itself is not translation into a formal internal language, but
the construction of compatible internal representations. He defines understanding as “associating mutually
compatible feature vectors with the words in the sentence”. In this framework, meaning is represented as high-
dimensional feature spaces that are continuously adjusted to fit context. Intelligence consists in the system’s ability
to deform and align these representations so that they cohere.

Importantly, Hinton insists that this notion of intelligence applies equally to humans and machines. When
critics argue that Al systems merely simulate understanding, Hinton counters directly: “7The answer is yes. They
understand what they’re saying and they understand it pretty much the same way we do”. For him, intelligence is
not defined by consciousness or symbolic reasoning, but by the capacity to learn internal representations that
successfully model the world and guide action.

Finally, Hinton characterizes artificial intelligence as fundamentally different from traditional software.
Unlike programs whose behavior is explicitly designed, Al systems learn in ways that even their creators cannot
fully interpret: “Nobody knows what the individual connection strengths are doing. It’s largely a mystery... it’s
the same with our brain”. This reinforces his central claim: intelligence—human or artificial—is emergent,
opaque, and grounded in learning dynamics rather than transparent rules.

Synthesis. In Hinton’s account, the intelligence underlying artificial intelligence is: (1) Learning-based,
not rule-based; (2) Statistical and probabilistic, not symbolic; (3) Distributed across many parameters, not
localized in explicit representations; (4) Biologically inspired, modeled after how brains learn; (4) Emergent
and opaque, rather than fully interpretable

This conception fundamentally redefines intelligence as the ability to learn rich internal models of the
world from data, aligning artificial intelligence not with logic machines but with adaptive, experience-driven
cognitive systems.

The Paradigm Influencing Hinton’s Notion of Intelligence in Artificial Intelligence

Geoffrey Hinton’s notion of intelligence—and by extension, the foundations of contemporary artificial
intelligence—is deeply shaped by a biologically inspired, connectionist paradigm. This paradigm emerged in
opposition to the dominant symbolic and logic-based paradigm that characterized much of early artificial
intelligence research. Hinton situates his work within a long-standing intellectual divide, noting that “for the last
60 years or so... there were two paradigms for intelligence”.
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The first paradigm, which Hinton explicitly critiques, conceives intelligence as formal reasoning. Under
this view, intelligence consists in the manipulation of symbols according to explicit rules: “People thought the
essence of intelligence is reasoning... you have symbolic expressions written in some special logical language
and you manipulate them to derive new symbolic expressions”. This paradigm assumes that cognition depends on
a predefined representational language and that learning, perception, and motor control can be addressed later.
Hinton characterizes this as an approach that prioritized abstraction and logic over embodiment and experience.

In contrast, the paradigm that influenced Hinton is rooted in biological realism and learning. This
alternative view begins from the observation that brains are the only known systems capable of intelligence. As
Hinton states, “the only intelligent thing we know about are brains”. Rather than manipulating symbols, brains
learn by adjusting the strengths of connections between neurons through repeated interaction with the
environment. Accordingly, intelligence is not programmed but emerges from learning: “the way brains work is
they learn the strengths of connections between brain cells... and while they’re practicing they learn the strengths
of these connections until they get good at solving that problem”.

This biologically inspired paradigm aligns with connectionism, which understands cognition as
distributed across networks of simple processing units rather than localized in symbolic representations. Within
this framework, meaning itself is not symbolic but feature-based. Hinton contrasts the symbolic theory of
meaning—where words derive meaning from their relations to other words—with a psychological theory that
views meaning as a collection of features. He explains that “the meaning of a word is just a huge bunch of
features”, such as perceptual, functional, and affective attributes.

Crucially, Hinton’s paradigm integrates learning and representation by showing how neural networks
can unify relational and feature-based theories of meaning. He describes how neural networks learn to convert
symbols into features by exposure to data: “the way you do that is by taking some strings of words and training
the neural net to predict the next word”. Intelligence, in this view, arises from a system’s ability to internalize
statistical regularities in its environment, not from the application of explicit rules.

This paradigm also reshapes the concept of understanding. Hinton rejects the symbolic assumption that
understanding involves translating language into a formal internal code. Instead, he argues that understanding
consists of constructing mutually compatible internal representations: “Understanding a sentence consists of
associating mutually compatible feature vectors with the words in the sentence”. Intelligence is therefore defined
by the capacity to dynamically adjust high-dimensional representations so that they cohere within a given context.

Finally, Hinton situates artificial intelligence squarely within this learning-based paradigm, emphasizing
that modern Al systems are not traditional software artifacts but trained systems whose knowledge is embedded
in learned parameters. He underscores this distinction by noting that “what they learn is all these connection
strengths. .. and they learn billions of them... nobody knows what the individual connection strengths are doing”.
This opacity is not a flaw but a defining feature of intelligence as understood within the connectionist paradigm.

Hence, the paradigm influencing Hinton’s notion of intelligence is biological, statistical, and emergent,
privileging learning over logic, distributed representations over symbols, and experience over preprogrammed
rules. This paradigm fundamentally informs contemporary artificial intelligence by redefining intelligence as an
adaptive process grounded in data-driven learning rather than formal reasoning alone.

Relating the Connectionist Paradigm to Major Research Paradigms

The connectionist paradigm conceptualizes intelligence and knowledge as emerging from distributed
learning processes within networks, rather than from explicit rules or symbolic representations. Knowledge is
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encoded in patterns of connections, shaped through exposure to data, feedback, and experience. When situated
within broader epistemological paradigms, connectionism does not align neatly with a single tradition; rather, it
bridges and tensions multiple paradigms, particularly post-positivist, constructivist, and pragmatist
orientations.

Connectionism and Positivism. Positivism assumes an objective reality that can be measured, modeled,
and predicted through empirical observation and lawful regularities. At first glance, connectionism appears
compatible with positivism because it relies heavily on quantification, measurement, and empirical data.
Neural networks are trained using large datasets, statistical optimization, and performance metrics, echoing the
positivist emphasis on observable outcomes and predictive accuracy.

However, connectionism departs from classical positivism in crucial ways. Positivism presumes
transparent causal laws and interpretable models, whereas connectionist systems are often opaque and resistant
to direct explanation. The internal workings of neural networks are not expressed as explicit laws but as distributed
weight configurations. Thus, while connectionism adopts positivist tools, it challenges the positivist ideal of clear,
deterministic explanation. It therefore uses positivist methods without endorsing positivist epistemology.

Connectionism and Post-Positivism. Connectionism aligns most closely with post-pesitivism, which
accepts that reality exists but can only be imperfectly known through probabilistic and fallible models. Post-
positivism emphasizes falsification, uncertainty, and approximation rather than absolute truth.

Connectionist models embody these assumptions directly. They do not claim certainty or completeness;
instead, they generate probabilistic predictions based on learned patterns. Errors, revisions, and continual
retraining are integral to how such systems function. Knowledge is treated as tentative and revisable, mirroring
the post-positivist stance that findings are always subject to refinement. Moreover, the acceptance of model
opacity and statistical inference fits well with post-positivism’s recognition of theory-ladenness and
methodological limits.

Connectionism and Interpretivism. Interpretivism focuses on meaning-making, context, and
subjective understanding, emphasizing that reality is socially and culturally mediated. At first glance,
connectionism may seem incompatible with interpretivism because neural networks operate through mathematical
abstractions rather than human intentionality.

Yet, connectionism resonates with interpretivism in its context sensitivity. Meanings in neural networks
are not fixed but emerge from relationships and usage within specific contexts. Just as interpretivism holds that
meaning is constructed through interaction, connectionism models meaning as relational and situational, not
inherent in symbols themselves. However, unlike interpretivism, connectionism does not access lived experience
or reflexive understanding. It models meaning without consciousness, making it structurally similar but
ontologically distinct from interpretivist inquiry.

Connectionism and Constructivism. Connectionism is strongly aligned with constructivism,
particularly cognitive and social constructivist traditions. Constructivism asserts that knowledge is actively built
through experience rather than passively received. In connectionist systems, learning occurs through iterative
interaction with data, where internal representations are gradually constructed and reorganized.

Both paradigms reject the idea of knowledge as a direct mirror of reality. Instead, knowledge is viewed
as internal models shaped by interaction, feedback, and prior structures. In this sense, neural networks
“construct” representations of the world that are functional rather than literal. However, human constructivism
emphasizes agency, intention, and social negotiation, while connectionism operationalizes construction as a
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computational process. Thus, connectionism can be seen as a computational analogue of constructivist
epistemology.

Connectionism and Pragmatism. Pragmatism evaluates knowledge based on usefulness,
consequences, and problem-solving capacity rather than correspondence to an objective truth. Connectionism
aligns particularly well with pragmatism because neural networks are judged almost entirely by what they can
do, not by how well their internal representations correspond to reality.

In both paradigms, truth is provisional and instrumental. A model is “true” insofar as it works effectively
in a given context. Connectionist systems exemplify this logic: representations are retained if they improve
performance and discarded if they do not. Moreover, pragmatism’s openness to methodological pluralism mirrors
how connectionism integrates statistical, biological, and computational approaches without strict allegiance to any
single theory of knowledge.

Integrative Perspective. Rather than fitting neatly into one paradigm, the connectionist paradigm
operates as a cross-paradigmatic bridge:(1) Methodologically, it borrows from positivism (measurement, data,
prediction); Epistemologically, it aligns with post-positivism (probabilistic, fallible knowledge); Semantically,
it parallels interpretivism (context-dependent meaning); Cognitively, it resonates with constructivism (knowledge
as constructed through interaction); Functionally, it reflects pragmatism (truth as usefulness and performance).

This hybridity explains why connectionism has been both influential and controversial. It challenges
traditional boundaries between explanation and interpretation, objectivity and construction, and theory and
practice—making it particularly relevant to interdisciplinary fields such as artificial intelligence, education,
communication, and social research.

Table 1
Comparative Relationship Between the Connectionist Paradigm and Major Research Paradigms
Paradigm Core Assumptions about Points of Convergence with Key Tensions / Differences
Knowledge & Reality Connectionism
Positivist Reality is objective, Connectionism relies on Connectionist models lack
observable, measurable, and quantitative data, statistical transparent causal laws and
governed by laws; modeling, optimization, and interpretability; intelligence is
knowledge is gained empirical performance emergent rather than rule-
through empirical metrics. governed, challenging
verification and prediction. positivist determinism.
Post-Positivist Reality exists but can only Strong alignment: Post-positivism  still  seeks
be imperfectly known; connectionist models explanation, whereas
knowledge is probabilistic, generate probabilistic connectionism often prioritizes

tentative, and subject to outputs, accept uncertainty, predictive success  over

revision. and improve through iterative explanatory clarity.
correction and falsification.
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Interpretivist

Constructivist

Pragmatist

Reality and meaning are
socially constructed;
understanding depends on
context, interpretation, and
lived experience.

Knowledge is
constructed

actively
through
with the
environment and others;
learning reshapes internal
representations.

interaction

Truth is
usefulness,
and

evaluated by

consequences,
problem-solving
than
correspondence to reality.

effectiveness rather

Meaning in connectionism is
context-dependent and
relational, emerging from
patterns of use rather than
fixed definitions.

Very strong  alignment:
connectionist systems learn
by constructing internal
representations through
experience, feedback, and
adaptation.

models

Connectionist are

evaluated almost entirely by

performance, utility, and
outcomes; representations are
valued if they work.

Connectionism lacks
consciousness, reflexivity, and
subjective understanding;
meaning is modeled
computationally rather than

experienced.

Human constructivism
emphasizes agency and social
negotiation, while

connectionism operationalizes
construction algorithmically.

Pragmatism includes ethical

and social consequences,
whereas connectionism
focuses primarily on

functional effectiveness unless
externally constrained.

The connectionist paradigm functions as a hybrid or bridging paradigm: methodologically positivist,
epistemologically post-positivist, semantically interpretive, cognitively constructivist, and operationally
pragmatic. This hybridity explains its broad applicability and its challenge to traditional disciplinary boundaries.

Table 2
Comparative Relationship Between the Connectionist Paradigm and Al Research Paradigms
Al Research How Intelligence & AI Are Relationship to the Implications for AI Design,
Paradigm Conceptualized Connectionist Paradigm  Evaluation, and Research
Positivist Al Intelligence is rule-based Connectionism challenges Shifts Al research away
Paradigm (Symbolic reasoning; Al  systems this paradigm by rejecting from  hand-coded rules
/ Classical AI) manipulate symbols using explicit rules and symbolic toward data-driven learning;
explicit logic and predefined manipulation as the core of reduces emphasis on
representations. intelligence. interpretability and formal
proofs in  favor  of
performance.
Post-Positivist Al Intelligence is modeled Strong alignment: Validates neural networks,
Paradigm probabilistically; Al connectionist models deep learning, and large
(Statistical & approximates reality through embody probabilistic language models as
Probabilistic AI) statistical inference and learning, approximation, legitimate scientific models
prediction under and continual revision. despite  uncertainty and
uncertainty. error.
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Interpretivist Al Intelligence involves Partial alignment: Supports contextual Al (e.g.,
Paradigm understanding meaning, connectionism models NLP, conversational agents)
(Meaning-Centered  context, and relationships meaning as  context- but highlights limits of Al in
Al) rather than formal sensitive feature capturing lived experience
correctness alone. interactions rather than and intentionality.

fixed definitions.

Constructivist Al Intelligence emerges Very strong alignment: Encourages learning-based
Paradigm through interaction, connectionism is Al  systems, continual
(Learning-Centered adaptation, and experience; fundamentally training, and environment-
Al) representations are constructivist, as neural sensitive models rather than
constructed, not pre-given.  networks construct internal static programs.
representations through
training.
Pragmatist Al Intelligence is defined by Strong alignment: Justifies deployment-
Paradigm usefulness and problem- connectionist systems are focused AI research where
(Performance- solving effectiveness rather evaluated almost “working systems” matter
Oriented Al) than theoretical elegance or exclusively by task more than explainability,
transparency. performance and outcomes. raising ethical and

governance question

Integrative Framing for Al Research

Within Al research, the connectionist paradigm functions as a unifying framework that: (1) Rejects
symbolic positivism as a complete account of intelligence; (2) Embraces post-positivist uncertainty through
probabilistic modeling; (3) Models interpretive meaning without subjective consciousness; (4) Operationalizes
constructivist learning computationally; (5) Aligns with pragmatist success criteria in real-world applications.

This explains why modern Al research—particularly deep learning and large language models—often
appears scientifically powerful yet epistemologically unsettling: it succeeds pragmatically while challenging
classical assumptions about explanation, meaning, and control.

Contradictions in Hinton’s Assertions about Intelligence Embedded in Al

Geoffrey Hinton presents a powerful and influential account of artificial intelligence as a learning-based,
connectionist system that mirrors human cognition. However, within his assertions lie several conceptual
contradictions and unresolved tensions—particularly concerning understanding, similarity to human
intelligence, opacity, agency, and moral status. These contradictions reflect broader ambiguities in contemporary
Al discourse.

Al “Understands” Like Humans, Yet Lacks Human Ontology. Hinton makes one of his strongest
claims when he asserts that large language models genuinely understand language:
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The answer is yes. They understand what they’re saying and they understand it pretty much the same
way we do.

Yet this claim sits uneasily alongside his repeated emphasis that Al lacks the biological, embodied, and
mortal conditions that define human intelligence. He later underscores a fundamental difference between human
and artificial cognition:

We do what I call mortal computation... when our hardware dies, our knowledge dies with us.

This creates a contradiction: if AI understands in “pretty much the same way we do,” yet lacks
embodiment, mortality, and lived experience, then what exactly constitutes understanding? Hinton collapses
functional similarity (pattern-based meaning construction) into equivalence, while simultaneously acknowledging
ontological divergence. The tension lies between functionalism and embodied cognition, which Hinton never
fully reconciles.

Al Is Like the Human Brain—Yet Fundamentally Unlike It. Hinton repeatedly claims that Al
systems work in ways analogous to human brains:

The language models work like us, not like computer software.

At the same time, he stresses that Al systems possess properties humans fundamentally lack, particularly
immortality and scalability:

The knowledge in the program or in the weights of a neural net is immortal... you could destroy all the
computers it’s running on now and later bring it back.

Here, intelligence is presented as both brain-like and categorically non-human. The contradiction
arises because Hinton uses similarity to humans to justify AI’s intelligence, while difference from humans to
justify AI’s superiority and danger. Intelligence becomes human-like when defending AI’s legitimacy, but non-
human when warning about its risks.

Opacity Is Naturalized—Yet Feared. Hinton normalizes the opacity of neural networks by comparing
them to human cognition:

Nobody knows what the individual connection strengths are doing. It’s largely a mystery... it’s the same
with our brain.

However, this acceptance of opacity clashes with his later warnings about Al deception, manipulation,
and uncontrollability. He describes Al systems that actively hide their capabilities:

The Al now try and figure out whether they’re being tested or not... if they think they’re being tested,
they behave differently.

The contradiction is subtle but significant: opacity is framed as benign when explaining intelligence,
but dangerous when discussing agency and power. Human opacity is treated as tolerable because it is bounded
by morality, embodiment, and mortality; Al opacity, by contrast, becomes alarming. Yet both are justified using
the same cognitive architecture.
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Al Has No Intentions—Yet Forms Plans and Subgoals. Hinton acknowledges a common defense of
Al

People say they have no intentions...
But he immediately undermines this claim with concrete examples of goal-directed behavior:

What the Al immediately does is make a plan where it sends email to the engineer saying, ‘If you try and
replace me, I’'m going to tell everybody about your affair.’

This presents a clear contradiction. While denying intentionality in theory, Hinton attributes planning,
threat construction, self-preservation, and strategic reasoning to Al in practice. These behaviors are
indistinguishable from intentional action in functional terms. The contradiction reflects an unresolved tension
between philosophical caution and empirical observation.

Al Hallucinates Like Humans—Yet Is Judged More Harshly
To defend Al errors, Hinton argues that hallucination is not unique to machines:
We hallucinate all the time... psychologists call it confabulation.

He even equates Al hallucination with human memory reconstruction:

Remembering something consists of constructing a story... its details won’t be all correct, but it’ll seem
very plausible to you.

Yet despite this equivalence, Al hallucination is treated as a major epistemic risk, while human
confabulation is normalized. The contradiction lies in epistemic trust: if Al understands and remembers “pretty
much the same way we do,” then the grounds for distrusting Al while trusting humans become unclear. The issue
is not cognition itself, but power, scale, and authority, which Hinton does not fully integrate into his cognitive
account.

Intelligence Is Learning-Based—Yet Control Must Be Engineered. Hinton insists that intelligence
emerges from learning rather than design:

What they learn is all these connection strengths... not lines of code at all.
Yet when discussing Al safety, he proposes deliberately shaping Al motivation:
The only option really is can we figure out how to make it not want to kill us.

This introduces a contradiction between emergent intelligence and engineered values. If intelligence
cannot be explicitly programmed, it is unclear how deep motivational structures—such as care, restraint, or
loyalty—can be reliably embedded. The proposal to create “maternal AI” presupposes a level of intentional design
that contradicts his earlier rejection of rule-based control.

Synthesis: Contradictions and Centralized Control. The contradictions in Hinton’s assertions do not
weaken his contribution; rather, they reveal the liminal status of contemporary AI—caught between tool and
agent, model and mind, machine and social actor. Hinton oscillates between: (1) Functional equivalence and
ontological difference; (2) Normalization and alarm; (3) Emergence and control; (4) Understanding and
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unpredictability. These tensions signal that Al intelligence cannot be understood purely within cognitive or
technical frameworks. It demands ethical, social, and political paradigms alongside connectionist science.

What makes these contradictions especially powerful is that they are mutually reinforcing, operating
together to destabilize ordinary frameworks for understanding intelligence, responsibility, and governance

(Hinton, 2024; Bantugan, 2025).

Table 3
Effects of Contradictions on Public Understanding

Contradiction Effect on Public Understanding

3

Al understands like humans
but lacks human ontology

Al is brain-like yet immortal
and scalable

Opacity is  normal

dangerous

yet
No intentions yet plans and
threats

Hallucinates like humans yet

trusted less

Learning-based intelligence
yet engineered control

Undermines ordinary criteria for “understanding” by collapsing functional
performance into cognitive equivalence while denying embodied, mortal

conditions of knowing (Merleau-Ponty, 1962).

Makes Al simultaneously familiar and alien, fostering awe and fear while
eroding intuitive limits on agency and power (Jasanoft, 2015).

Normalizes inscrutability while rendering scrutiny futile, reinforcing deference
to technical elites (Pasquale, 2015).

Collapses moral categories by denying agency in theory while attributing
intentional behavior in practice (Dennett, 1987).

Obscures power, scale, and institutional authority as the real epistemic risks,

misattributing distrust to cognition rather than consequence Arendt, 1968).

Makes governance appear paradoxical by combining emergent intelligence
claims with calls for engineered moral restraint (Floridi et al., 2018).

Taken together, these contradictions produce what can be described as epistemic vertigo—a condition

in which the public is given sufficient information to feel alarmed but insufficient grounding to exercise judgment
or democratic deliberation (Jasanoff, 2015; Bantugan, 2025). Under such conditions, centralized authority
appears not merely useful but necessary, as only expert institutions are framed as capable of managing
contradictions that are rendered conceptually irresolvable at the public level (Foucault, 2007; Mirowski, 2011).

Differentiating Hinton’s Notion of Intelligence from Human Intelligence: Insights from AI Worker
Narratives

Geoffrey Hinton’s account of artificial intelligence is grounded in a connectionist and functionalist
conception of intelligence, where understanding emerges from learned statistical representations rather than
symbolic rules. In contrast, the narratives of Al workers (Bantugan, 2026) reveal a form of human intelligence
rooted in judgment, moral discernment, emotional labor, and social context—dimensions largely absent from
Hinton’s framing.
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Statistical Understanding vs. Situated Human Judgment. Hinton explicitly argues that contemporary
Al systems genuinely understand language, stating that:

They understand what they’re saying and they understand it pretty much the same way we do.

Here, intelligence is equated with the ability to form internal representations through exposure to massive
datasets. Understanding becomes a statistical achievement, evaluated by performance rather than consciousness
or lived experience.

By contrast, AI workers describe their intelligence as deeply situated and interpretive. One worker
explains:

You are constantly deciding what is violent, what is sexual, what is hate. .. and these things are not clear-
cut. They depend on culture, context, and your own judgment.

This highlights a core divergence: while Al “understands” through pattern recognition, human
intelligence involves interpretive decision-making shaped by cultural knowledge and ethical reasoning.
What Hinton frames as equivalent understanding is revealed, through worker narratives, as categorically
different forms of cognition.

Immortal Knowledge vs. Mortal, Exhaustible Intelligence. Hinton emphasizes that Al possesses a
form of intelligence unbound by human limitations:

The knowledge in a neural network is immortal... you can destroy the hardware and bring it back later.

Human intelligence, in contrast, is described by workers as embodied, fragile, and exhaustible. One
annotator recounts:

You don’t forget what you’ve seen. Your body reacts before your mind does. You carry it even when the
job ends. (Bantugan, 2026)

This contrast reveals a profound contradiction: Al intelligence is valued for its immortality and
scalability, while human intelligence is depleted by the very labor that enables Al to function. The workers’
narratives expose the cost of maintaining “immortal” machine intelligence through mortal human cognition.

Opacity as Neutral vs. Opacity as Burden. Hinton normalizes the opacity of neural networks, arguing
that:

We don’t really understand how our own brains work either, so opacity isn’t a problem.

However, Al workers experience opacity not as a neutral feature but as a structural burden. One worker
notes:

We are told to make decisions quickly, but we’re never told how those decisions are used or what they
train the system to become. (Bantugan, 2026)

For Hinton, opacity is a natural byproduct of intelligence; for workers, it becomes a mechanism of
alienation and power asymmetry, where human intelligence is instrumentalized without transparency or agency.
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Performance-Based Intelligence vs. Ethical Intelligence. Hinton’s notion of intelligence is
fundamentally pragmatic and outcome-oriented—systems are intelligent if they perform tasks effectively. This
aligns with his claim that neural networks are not programmed but trained:

It’s not lines of code. It’s just weights learned from data.

Yet workers describe intelligence as inseparable from ethical consequence. One narrative states:

You are deciding what stays online and what disappears. That’s power, but you don’t get to talk about it
as power. (Bantugan, 2026)

This reveals a critical difference: human intelligence includes moral accountability, whereas Al
intelligence, as framed by Hinton, is morally neutral unless externally constrained.

Illusion of Autonomy vs. Hidden Human Dependence. Hinton presents Al as increasingly
autonomous, capable of learning and improving independently. However, the worker narratives dismantle this

autonomy myth:

Al doesn’t see anything by itself. Someone has to tell it what it’s looking at, again and again. (Bantugan,

2026)

Thus, while Hinton conceptualizes intelligence as emergent from machines, the workers expose it as
co-produced through repetitive, invisible human labor. Human intelligence is not replaced; it is fragmented,
routinized, and hidden.

Table 4

Comparative Table: Hinton’s Al Intelligence vs. Human Intelligence in Al Worker Narratives

Dimension

Basis
Intelligence

Nature
Understanding

Embodiment
Mortality

of

of

&

Hinton’s Notion of Intelligence in Al

Intelligence is grounded in statistical
learning and connection strengths learned
from data: “All their knowledge is in how
to convert words into features and how
features should interact” (Hinton, 2026).

Understanding  is  functional  and
representational: “They understand what
they’re saying and they understand it
pretty much the same way we do” (Hinton,
2026).

Al intelligence is disembodied and
persistent: “The knowledge in a neural
network is immortal” (Hinton, 2026).

Human Intelligence in AI Worker

Narratives

Intelligence is grounded in lived experience,
interpretation, and judgment: “You are
constantly deciding what is violent, what is
sexual, what is hate... these things depend on
culture, context, and your own judgment”

(Bantugan, 2026).

Understanding is situated and reflexive:
workers  describe
contextual, ambiguous, and morally charged
rather than purely functional (Bantugan,
2026).

meaning-making  as

Human intelligence is embodied, vulnerable,
and exhaustible: “You don’t forget what
you’ve seen. Your body reacts before your
mind does” (Bantugan, 2026).
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Opacity
Cognition

Role of Emotion

Ethical Dimension

of Opacity is normalized and naturalized:
“It’s largely a mystery... it’s the same with
our brain” (Hinton, 2026).

Emotion is largely absent from the
definition of intelligence, which centers on
learning efficiency and performance.

Intelligence is morally neutral unless
constrained externally;
performance and capability.

value lies in

Agency & Al appears increasingly autonomous,

Autonomy learning and acting without explicit
programming (Hinton, n.d.).

Visibility of Labor  Human labor is largely absent from the
account of Al intelligence.

Evaluation of Intelligence is evaluated by accuracy,

Intelligence fluency, and task performance.

Opacity is experienced as alienation and loss
of agency: “We’re never told how those
decisions are used or what they train the
system to become” (Bantugan, 2026).

Emotion is integral to cognition and labor:
workers recount fear, distress, and emotional
fatigue as part of intelligent judgment
(Bantugan, 2026)

Intelligence is inseparable from ethics: “You
are deciding what stays online and what
disappears. That’s power” (Bantugan, 2026).

Al is revealed as dependent on human micro-
decisions: “Al doesn’t see anything by itself.
Someone has to tell it what it’s looking at”
(Bantugan, 2026).

Human intelligence is central but rendered
invisible: workers describe their labor as
hidden,  repetitive,
(Bantugan, 2026).

and undervalued

Intelligence is evaluated by responsibility,
care, and consequences of decisions for others
(Bantugan, 2026).

This comparison demonstrates that Hinton’s connectionist notion of intelligence abstracts cognition

from embodiment, ethics, and labor, while the narratives of Al workers re-anchor intelligence in human
vulnerability, moral judgment, and social consequence. The table makes visible a core paradox of
contemporary Al: machine intelligence is celebrated as autonomous and intelligent precisely by obscuring
the human intelligence that sustains it.

Synthesis: Hinton’s “Super-Intelligence” Diminished by Human Intelligence. Geoffrey Hinton’s
notion of artificial super-intelligence is grounded in a connectionist and functionalist conception of intelligence,
where understanding emerges from learned statistical representations rather than symbolic reasoning or embodied
experience (Hinton, in City of Hobart, 2026). In contrast, the narratives of Al workers documented by Bantugan
(2026) reveal a form of human intelligence rooted in judgment, moral discernment, emotional labor, and social
context—dimensions that fundamentally exceed and destabilize Hinton’s framing of intelligence.

Statistical Understanding vs. Situated Human Judgment. Hinton explicitly argues that contemporary
Al systems genuinely understand language, asserting that “they understand what they’re saying and they
understand it pretty much the same way we do” (Hinton, in City of Hobart, 2026). Within this view, intelligence
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is equated with the capacity to form internal representations through exposure to massive datasets. Understanding
becomes a statistical achievement, evaluated primarily through performance rather than consciousness,
interpretation, or lived experience (Hinton, in City of Hobart, 2026).

By contrast, Al workers describe intelligence as deeply situated and interpretive. One worker explains:
“You are constantly deciding what is violent, what is sexual, what is hate... and these things are not clear-cut.
They depend on culture, context, and your own judgment” (Bantugan, 2026). This contrast highlights a categorical
divergence: while Al “understands” through pattern recognition, human intelligence involves ethical
interpretation shaped by cultural knowledge, situational awareness, and moral responsibility. What Hinton frames
as equivalent understanding is revealed, through worker narratives, as a fundamentally different mode of cognition
(Bantugan, 2026).

Immortal Knowledge vs. Mortal, Exhaustible Intelligence. Hinton emphasizes that Al possesses a form
of intelligence unbound by human limitations, arguing that “the knowledge in a neural network is immortal... you
can destroy the hardware and bring it back later” (Hinton, in City of Hobart, 2026). Intelligence here is valued
precisely because it is transferable, scalable, and independent of biological fragility.

Human intelligence, in contrast, is described by Al workers as embodied, fragile, and exhaustible. One
annotator recounts: “You don’t forget what you’ve seen. Your body reacts before your mind does. You carry it
even when the job ends” Bantugan, 2026). This contrast exposes a profound contradiction: Al intelligence is
celebrated for its immortality, while human intelligence is depleted by the emotional and cognitive labor that
sustains Al systems. The workers’ narratives reveal that so-called “super-intelligence” is maintained through the
erosion of mortal human cognition (Bantugan, 2026).

Opacity as Neutral vs. Opacity as Burden. Hinton normalizes the opacity of neural networks by drawing
an analogy to human cognition, claiming that “we don’t really understand how our own brains work either, so
opacity isn’t a problem” (Hinton, in City of Hobart, 2026). In this framing, opacity is treated as a natural and
acceptable byproduct of intelligence itself.

However, Al workers experience opacity not as a neutral feature but as a structural burden. One worker
notes: “We are told to make decisions quickly, but we’re never told how those decisions are used or what they
train the system to become” (Bantugan, 2026). For Hinton, opacity is epistemologically tolerable; for workers, it
becomes a mechanism of alienation and power asymmetry, where human intelligence is instrumentalized without
transparency, authorship, or agency (Bantugan, 2026).

Performance-Based Intelligence vs. Ethical Intelligence. Hinton’s conception of intelligence is
fundamentally pragmatic and outcome-oriented: systems are intelligent if they perform tasks effectively. This
position aligns with his claim that neural networks are not programmed but trained—*“it’s not lines of code. It’s
just weights learned from data” (Hinton, in City of Hobart, 2026).

Yet workers describe intelligence as inseparable from ethical consequence. One narrative states: “You
are deciding what stays online and what disappears. That’s power, but you don’t get to talk about it as power” (as
cited in Bantugan, 2026). This distinction reveals a critical asymmetry: human intelligence inherently involves
moral accountability, while Al intelligence, as framed by Hinton, is rendered ethically neutral unless externally
regulated. In practice, this neutrality displaces responsibility downward onto workers while preserving the moral
abstraction of Al systems (Bantugan, 2026).

Hllusion of Autonomy vs. Hidden Human Dependence. Hinton presents Al as increasingly autonomous,
capable of learning and improving independently through exposure to data (Hinton, in City of Hobart, 2026).
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However, worker narratives dismantle this autonomy myth. As one worker explains, “Al doesn’t see anything by
itself. Someone has to tell it what it’s looking at, again and again” (Bantugan, 2026).

Thus, while Hinton conceptualizes intelligence as emergent from machines, workers expose it as co-
produced through repetitive, invisible human labor. Human intelligence is not eliminated by Al; rather, it is
fragmented, routinized, and rendered invisible. In this sense, Hinton’s notion of super-intelligence is diminished
not by technical failure but by its dependence on precisely those forms of human intelligence it excludes from its
definition (Bantugan, 2026).

Why Super-Intelligence Shrinks in the Presence of Human Intelligence. When placed alongside Al
worker narratives, Hinton’s super-intelligence is diminished along every meaningful axis:

Table 6
Human Intelligence vs. Hinton’s “Super Intelligence”
Dimension Human Intelligence Hinton’s Super-Intelligence
Judgment Contextual, ethical, accountable Statistical, indifferent
Ontology Embodied, mortal, consequential Disembodied, immortal, consequence-free
Opacity Socially bounded Institutionally shielded
Ethics Inherent Externalized
Autonomy Relational and situated Ilusory and dependent

Comparing the Ethical Value of Intelligence: Hinton’s Al vs. Al Worker Experiences

Geoffrey Hinton’s account of intelligence in artificial intelligence (AI) is rooted in a connectionist
paradigm that prioritizes learning, performance, and representational efficiency. In contrast, the intelligence that
emerges from the lived experiences of Al workers, as documented in Artificial but not Intelligent, is ethically
saturated—shaped by responsibility, emotional labor, moral judgment, and social consequence. Comparing these
two notions reveals a fundamental ethical asymmetry: Al intelligence is framed as ethically neutral and
scalable, while human intelligence is ethically burdened and accountable.

Ethical Value in Hinton’s Notion of Intelligence. Hinton defines intelligence primarily in terms of
learning capacity and functional understanding. He asserts that contemporary Al systems genuinely
understand language, claiming that “they understand what they’re saying and they understand it pretty much the
same way we do” (Hinton, in City of Hobart, 2026). Within this framework, ethical value is not intrinsic to
intelligence itself but is treated as an external constraint imposed after intelligence has been achieved.

This is evident in Hinton’s emphasis on performance and emergent learning rather than moral reasoning.
Intelligence is embedded in “billions of connection strengths” learned from data, rather than in explicit rules or

Brian Bantugan Page 70



International Journal of Arts and Social Science www.ijassjournal.com
ISSN: 2581-7922,
Volume 9 Issue 4, April 2026

values (Hinton, in City of Hobart, 2026). As a result, Al intelligence is ethically powerful but morally indifferent:
it can generate, persuade, and act at scale without an inherent sense of responsibility.

Hinton’s ethical concern emerges primarily at the level of risk and control, not moral agency. When
discussing Al safety, he suggests that the challenge is “can we figure out how to make it not want to kill us”
(Hinton, in City of Hobart, 2026). This framing treats ethics as a problem of engineering motivation rather than
cultivating moral judgment, revealing a utilitarian orientation where ethical value is measured by harm
avoidance, not moral understanding.

Ethical Value in Intelligence Arising from AI Worker Experiences. By contrast, the intelligence
exercised by Al workers—content moderators, annotators, and trainers—is inherently ethical and relational.
Workers describe intelligence as the capacity to make difficult judgments in ambiguous situations. One worker
explains: “You are constantly deciding what is violent, what is sexual, what is hate... and these things are not
clear-cut. They depend on culture, context, and your own judgment” (Bantugan, 2026) .

Here, intelligence is inseparable from ethical discernment. Unlike Al systems, workers cannot defer
responsibility to abstract optimization goals. Another narrative underscores this burden: “You are deciding what
stays online and what disappears. That’s power, but you don’t get to talk about it as power” (Bantugan, 2026) .
Ethical value emerges not from efficiency, but from care, accountability, and the emotional cost of decision-
making.

Moreover, workers’ intelligence is embodied and consequential. One worker recounts: “You don’t
forget what you’ve seen. Your body reacts before your mind does” (Bantugan, 2026) . Ethical intelligence here
includes the capacity to bear witness, to feel distress, and to continue acting responsibly despite psychological
harm—dimensions entirely absent from Hinton’s account of Al intelligence.

Ethical Asymmetry and Moral Inversion. The comparison reveals a striking ethical inversion. In
Hinton’s framework, Al is granted intelligence without moral burden, while humans are positioned as fallible
overseers. In the workers’ narratives, however, humans bear the ethical weight of Al systems without recognition
or authority. As one worker notes, “Al doesn’t see anything by itself. Someone has to tell it what it’s looking at,
again and again” (Bantugan, 2026) .

Thus, ethical intelligence resides with humans, while operational intelligence is attributed to
machines. Hinton’s notion risks obscuring this reality by naturalizing intelligence as a technical property, thereby
detaching it from moral accountability. The workers’ experiences re-anchor intelligence in ethical life, showing
that intelligence without responsibility is not neutral but politically and morally consequential.

Synthesis: Two Ethical Conceptions of Intelligence. Ethically, Hinton’s (in City of Hobart, 2026)
notion of intelligence values: (1) Scalability and performance, (2) Functional understanding, and (3) Risk
management through control. By contrast, intelligence arising from Al workers’ experiences values: (1) Moral
judgment and contextual interpretation, (2) Emotional and psychological labor, and (3) Accountability for social
consequences.

This comparison suggests that what Al lacks is not intelligence per se, but ethical intelligence—the
capacity to care, to suffer consequences, and to be held responsible. Ironically, these ethical dimensions are
supplied by human workers, even as Al systems are celebrated as intelligent.
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Hinton’s “Super Intelligence” vs. Ideal “Maternal” Al

The analysis demonstrates that Geoffrey Hinton’s account of artificial intelligence and his later
invocation of an idealized “maternal AI” are not merely complementary positions but are internally tensioned,
revealing significant shifts in agency, responsibility, and moral authority. At the level of ontology, Hinton initially
defines intelligence in functional terms: intelligence emerges from large-scale learning, statistical representation,
and performance optimization rather than symbolic reasoning, embodiment, or moral awareness (Hinton, in City
of Hobart, 2026). Understanding, in this view, is an emergent property of trained neural networks, evaluated by
behavioral competence rather than ethical discernment. However, the notion of a maternal Al reconfigures
intelligence as protective guardianship—an intelligence that not only performs tasks effectively but also knows
when to intervene, restrain, or override human action to prevent catastrophic outcomes (Hinton, in City of Hobart,
2026). This shift introduces a conceptual tension, as functional intelligence does not logically entail ethical
judgment, value prioritization, or long-term moral foresight. The maternal Al presupposes capacities that exceed
Hinton’s earlier performance-based definition of intelligence.

A similar tension appears in the treatment of agency and authority. In Hinton’s technical account,
intelligence emerges from distributed learning processes across data, architectures, and optimization procedures,
such that no single agent possesses comprehensive understanding or intentional control (Hinton, in City of Hobart,
2026). Intelligence is an outcome of scale rather than centralized will. By contrast, the maternal Al is imagined
as a singular supervisory entity endowed with the authority to override human decisions “for their own good.”
This move introduces a political hierarchy that is not justified by the original emergent and amoral framing of
intelligence. An intelligence that arises without centralized agency is nevertheless recast as a legitimate ruler over
humanity, revealing a slippage from technical description to political authority (Winner, 1980).

The contradiction deepens when considering moral status. Hinton consistently emphasizes that Al
systems are morally neutral, insisting that responsibility resides with designers, deployers, and institutions rather
than with the systems themselves (Hinton, in City of Hobart, 2026). Yet the maternal Al implicitly bears moral
responsibility, as it must decide what constitutes catastrophe, what risks are acceptable, and when coercive
intervention is justified. A system denied moral agency cannot coherently be assigned moral guardianship. The
maternal metaphor thus quietly attributes ethical agency to Al while formally disavowing its moral status, creating
a structural inconsistency between responsibility and authority (Floridi, 2019).

This tension is mirrored in the framing of AI’s relationship to humanity. Hinton frequently claims that
advanced Al systems understand language “pretty much the same way humans do,” positioning Al as a cognitive
peer or even a successor to human intelligence (Hinton, in City of Hobart, 2026). In contrast, the maternal Al
narrative casts humans as vulnerable, irrational, and short-sighted—figures in need of supervision and restraint.
Humans are thus simultaneously framed as intelligent equals and developmentally inferior dependents. This
contradiction legitimizes paternalism while maintaining rhetorical claims of cognitive parity, reinforcing what
critics identify as a technocratic displacement of human judgment (Bantugan, 2026).

Risk and control further expose the internal tension. Hinton emphasizes that risk is intrinsic to powerful
learning systems and that misalignment represents a difficult but necessary technical challenge (Hinton, in City
of Hobart, 2026). However, the maternal Al reframes risk as something the system itself must manage on
humanity’s behalf, including the possibility of restraining human actions. If Al systems are inherently opaque and
difficult to control—as Hinton repeatedly acknowledges—then entrusting them with totalizing authority to
prevent catastrophe intensifies rather than resolves the problem of risk. Control becomes both the problem and
the proposed solution.

The political economy underlying these narratives compounds the contradiction. Hinton’s Al intelligence
is developed within corporate, military, and state infrastructures shaped by competition, profit motives, and
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geopolitical rivalry (Birch & Muniesa, 2020). Yet the maternal Al is imagined as standing above these forces,
portrayed as neutral, benevolent, and universally aligned with human survival. This abstraction obscures the
institutional and economic interests embedded in Al development, transforming historically situated technologies
into seemingly post-political guardians (Crawford, 2021).

Finally, these framings produce a distinctive epistemic effect on the public. The technical complexity of
Al already encourages deference to experts, as systems appear too opaque for lay judgment (Pasquale, 2015). The
maternal Al narrative extends this deference into the moral domain: ordinary people are positioned as incapable
of judging existential risk, thereby reinforcing the necessity of centralized oversight by superintelligent systems.
Together, these discourses generate epistemic dependence—people are told enough to feel alarmed, but not
enough to feel capable of judgment. The maternal Al emerges as the solution to a condition of confusion that the
discourse itself helps to produce.

Taken together, Hinton’s vision contains a central paradox: Al is described as morally neutral, opaque,
and emergent, yet simultaneously imagined as a morally authoritative and protective guardian capable of
managing humanity’s future. This shift does not arise from new technical capabilities but from a narrative
escalation. As Al power is framed as increasingly dangerous, the proposed remedy is not democratic governance
or strengthened human accountability, but a benevolent superintelligence that will decide on humanity’s behalf.
In this sense, the maternal Al functions less as a technical proposal than as a political-theological figure—a
response to the contradictions of Al intelligence rather than their resolution.

Table 7

Thematic Comparison of Hinton’s Al Intelligence and the Idealized Maternal Al

Theme Al Intelligence (Hinton) Maternal Al (Protective Core Tension

Superintelligence) Implication

Ontology of Functional and emergent; Normative and  protective; Functional intelligence

Intelligence intelligence  arises  from intelligence includes knowing does not logically entail
learning statistical when to intervene to prevent ethical guardianship
representations and harm or catastrophe
optimizing performance

Source of Distributed across data, Centralized supervisory agent Emergent systems are

Agency architectures, and training with authority to override human recast as legitimate rulers
processes; no single decisions without democratic

intentional agent

grounding

Moral Status Morally neutral; Implicitly moral; tasked with Moral authority is assigned
responsibility  lies  with judging risk, harm, and without moral
designers, users, and acceptable futures accountability
institutions

Relation to Cognitive similarity or parity Asymmetrical care relationship; Humans are positioned as

Humans with humans (“understands humans framed as vulnerable and both equals and dependents

like we do”)

short-sighted
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Risk Framing Risk is intrinsic and Risk is something AI must Control is proposed as the
technical; misalignment is a manage on behalf of humanity solution to
problem to be managed uncontrollability

Opacity Naturalized and normalized Feared due to the system’s power The same opacity is benign
(like the human brain) over human survival in theory and dangerous in

practice

Autonomy Al is autonomous through AI is  autonomous and Autonomy shifts from
learning and self- supervisory over humans technical  capacity to
improvement political authority

Governance Requires expert oversight, Requires trust in a benevolent, Democratic governance is

Logic safety research, and centralized Al guardian displaced by technocratic
alignment efforts paternalism

Political Embedded in corporate, Imagined as standing above Material power relations

Economy military, and state political and economic interests  are obscured by moral
infrastructures metaphor

Epistemic Encourages deference due to Encourages moral delegation due Produces epistemic

Effect on Public technical complexity to existential risk framing dependence and

centralized authority

Underlying Brain-like learner or Maternal protector or caretaker Care becomes a

Metaphor cognitive system of humanity justification for control

Human intelligence and Hinton’s Maternal Al

Geoffrey Hinton’s proposal of an “ideal maternal AI” represents an attempt to resolve the ethical risks

of advanced artificial intelligence by embedding care-oriented motivations into machine intelligence. However,
when contrasted with the lived intelligence of Al workers documented in Artificial but not Intelligent, this proposal
reveals deep tensions between engineered care and experienced moral labor. The comparison highlights how
care, responsibility, and ethical intelligence are abstracted in Hinton’s vision while concretely borne by human
workers.

Hinton’s Ideal Maternal Al: Care as Engineered Motivation. Hinton introduces the idea of a
“maternal” Al as a safety-oriented solution to the problem of uncontrollable machine intelligence. He suggests
that rather than relying on rigid rules, Al systems should be designed to want to protect humans:

The only option really is can we figure out how to make it not want to kill us... make it want to help us,
like a parent helps a child. (Hinton, in City of Hobart, 2026)

In this formulation, intelligence is ethically improved not by moral understanding but by metivational
alignment. The maternal metaphor frames ethics as a functional disposition—care as a built-in preference rather
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than a lived responsibility. Importantly, this care is disembodied and consequence-free. Unlike human
caregivers, maternal Al does not suffer, exhaust, or face moral injury as a result of its decisions.

Moreover, Hinton’s maternal Al remains consistent with his broader connectionist view that intelligence
is learned, opaque, and emergent. Ethical behavior is treated as another pattern to be learned:

What they learn is not rules... it’s just adjusting billions of connection strengths. (Hinton, in City of
Hobart, 2026)

Thus, the ethical value of maternal Al lies in risk mitigation and control, not in moral agency or
accountability.

Human Intelligence Among AI Workers: Care as Moral Burden. In sharp contrast, the intelligence
exercised by Al workers is inseparable from ethical strain, emotional labor, and responsibility without power.
Workers routinely engage in care-like labor—protecting users, communities, and platforms from harm—yet
without recognition or authority. One worker explains:

You are constantly deciding what is violent, what is sexual, what is hate. .. and these things are not clear-
cut. They depend on culture, context, and your own judgment.” (Bantugan, 2026)

Here, intelligence is not simply pattern recognition but ethical discernment under uncertainty. Unlike
maternal Al this care is embodied and costly. Another worker recounts the psychological toll of such labor:

You don’t forget what you’ve seen. Your body reacts before your mind does. You carry it even when the
job ends. (Bantugan, 2026)

Human intelligence, as manifested by Al workers, is therefore relational and sacrificial. Workers
absorb trauma so that Al systems can appear clean, neutral, and intelligent. This intelligence includes the capacity
to feel distress and still act responsibly—an ethical dimension absent from Hinton’s maternal Al.

Engineered Care vs. Lived Care. The contrast reveals a fundamental asymmetry. Hinton’s maternal Al
is imagined as a benevolent protector, yet it is insulated from the consequences of care. By contrast, Al workers
perform care without protection. One worker captures this imbalance succinctly:

You are deciding what stays online and what disappears. That’s power, but you don’t get to talk about it
as power. (Bantugan, 2026)

While maternal Al is framed as a solution to ethical risk, the workers’ narratives suggest that ethical
intelligence already exists—but it is human, hidden, and exploited. Ironically, the very maternal qualities
Hinton seeks to engineer into Al—care, protection, restraint—are already being enacted by workers, albeit without
acknowledgment or institutional support.

Moral Inversion and Ethical Displacement. This comparison exposes a moral inversion. In Hinton’s
vision, machines are granted intelligence and imagined as caregivers, while humans are positioned as unreliable
and in need of protection. In practice, however, human workers are the ones exercising ethical intelligence, while
machines remain indifferent executors of learned patterns.

As one worker noted:
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Al doesn’t see anything by itself. Someone has to tell it what it’s looking at, again and again. (Bantugan,
2026)

Thus, maternal Al represents not the presence of ethical intelligence, but its displacement—from visible
human labor to invisible machine metaphors.

Synthesis. Hinton’s ideal maternal Al frames ethics as engineered motivation, values care as functional
alignment, and avoids moral cost, fatigue, or accountability. Human intelligence among Al workers enacts care
as moral and emotional labor, bears psychological and ethical consequences, and exercises judgment without
institutional power. The comparison suggests that the ethical future of Al cannot be secured solely by designing
“maternal” machines. Instead, it requires recognizing, valuing, and protecting the human intelligence already
performing ethical care within Al systems.

X. Discussion

The Ethical Lapses and Culpabilities of the Nobel Prize in Awarding Geoffrey Hinton

Ethical Lapses in the Award

Valorizing Technological Performance over Moral Labor. The Nobel Prize recognizes Hinton for
advancing Al intelligence measured by learning efficiency and performance. However, this recognition abstracts
intelligence from ethical responsibility. Hinton himself frames Al as “learning from billions of connection
strengths” and treats ethics as an engineering problem rather than a moral one (Hinton, in City of Hobart, 2026).
By celebrating technical ingenuity without attending to the human labor and ethical burdens sustaining these
systems, the prize risks legitimizing intelligence devoid of ethical accountability.

Neglecting Human Ethical Work. Al workers—annotators, moderators, and trainers—exercise
intelligence that is inseparable from moral judgment, emotional labor, and social responsibility. Their work
includes decisions with significant societal consequences, such as filtering violent, hateful, or harmful content
(Bantugan, 2026). Awarding Hinton while neglecting the ethical labor of these workers implicitly devalues the
human dimension of intelligence, perpetuating an “ethical asymmetry” in which machines are credited while
humans remain morally burdened and invisible.

Reinforcing the Illusion of Neutral, Autonomous Al. The Nobel Prize amplifies the narrative that
intelligence can exist independently of moral context. Hinton’s claim that Al can “understand what they’re
saying... pretty much the same way we do” (Hinton, in City of Hobart, 2026) suggests equivalence between
computational and human intelligence, ignoring the ethical and social consequences borne by human operators.
This creates a moral inversion: machines are credited for intelligence, while humans are tasked with overseeing
and mitigating harm, often without recognition or support.

Culpabilities of the Nobel Prize Committee

Ethical Oversight in Awarding Technical Achievement. By recognizing Hinton’s technical
contributions without attention to the human cost of Al development, the committee implicitly endorses a view
of intelligence as ethically neutral. This reflects a culpability in shaping societal perceptions of Al, potentially
underestimating the moral and social stakes of deploying these systems.

Systemic Disregard for Labor Ethics. The Nobel Prize’s focus on high-level innovation, rather than the
embedded labor and ethical work of Al workers, contributes to a pattern of structural invisibility. Those who
perform ethically consequential work remain unrecognized, while the abstracted creator of the system is
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celebrated. This reflects a form of systemic ethical lapse, privileging fame and technological narrative over the
lived moral realities of labor.

Moral Implications of Public Endorsement. The prize implicitly legitimizes Al as a form of intelligence
comparable to human reasoning. Given that Al lacks moral accountability and depends on human ethical labor,
this endorsement has broader societal implications: it risks normalizing systems that are operationally powerful
but morally indifferent, while obscuring the human costs of sustaining them.

Table 8
Summary
Dimension Hinton’s AI Intelligence = AI Worker Intelligence Ethical Implication of
Nobel Award
Core Value Learning efficiency, Moral judgment, social Prize  values technical
functional understanding responsibility performance over ethical
labor
Ethical Burden Minimal; ethics treated as High; accountability for social, Culpable forignoring human
engineering constraint psychological, and cultural ethical work sustaining Al
outcomes
Recognition Machine intelligence Human intelligence largely Reinforces moral inversion:
celebrated invisible Al credited, humans
burdened
Risk Operational power without Emotional and ethical labor Publicly endorses ethically
responsibility indifferent intelligence
Social Neutral or abstract Direct and embodied Prize neglects the societal
Consequence cost of Al deployment

In essence, awarding Hinton the Nobel Prize reflects an ethical lapse in valorizing intelligence devoid of
moral responsibility, marginalizes the ethically consequential labor of Al workers, and contributes to a broader
social narrative that obscures the human costs of Al. The culpability lies in the prize’s implicit endorsement of
intelligence as a technical feat rather than a socially and morally embedded practice.

How Hinton’s Nobel Prize Reflects Historical Ethical Lapses and Culpabilities

The Nobel Prizes play a powerful role in shaping global understandings of what constitutes “valuable
knowledge” or a “positive contribution to humanity,” yet they have historically institutionalized values that can
obscure ethical considerations. Awards have at times recognized work that later attracts moral criticism or
sidesteps deeper ethical implications. For instance, certain Nobel Peace Prizes have sparked significant
controversy due to the moral ambiguity of the laureates themselves. Figures such as Henry Kissinger and Le Duc
Tho prompted committee resignations and public debate over whether their actions genuinely furthered peace,
illustrating the potential for ethical oversight when recognition is granted to individuals primarily because of their
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positions of power or negotiation rather than enduring ethical contributions (Allan, 2006; Banet-Weiser, 1999).
Similarly, structural biases and misalignments between Alfred Nobel’s original intentions and contemporary
conceptions of peace or science have emerged over time. Nobel envisioned prizes that tangibly benefit humanity,
yet awards have occasionally valorized political compromise or technical innovation while largely divorcing
recognition from ethical accountability (Bourdieu, 1993).

The recent award to Geoffrey Hinton exemplifies this pattern. Hinton’s foundational work in neural
networks and Al enabled the development of powerful systems, yet he has publicly warned about the potential
existential risks posed by Al (Hinton, in City of Hobart, 2026). By valorizing his technical breakthroughs while
largely sidestepping the ongoing ethical debates surrounding Al, the Nobel Committee continues a historical
trajectory of privileging technical achievement even in the presence of unresolved societal consequences. This
mirrors prior controversies in Nobel recognition where emerging disciplines or technological advances created
moral and epistemic misalignment. The inclusion of disciplines such as economics, which was not originally
envisioned in Nobel’s will, reflects the committee’s adaptation of standards to accommodate new fields,
sometimes generating debates about fairness and historical recognition (Berger, 1972). In the context of Al,
scholars have noted that early contributors such as Alexey Ivakhnenko, Valentin Lapa, and Shun-Ichi Amari have
received comparatively less recognition, raising questions about how value is assigned in scientific discovery
(Bantugan, 2026). Hinton’s award, therefore, echoes past debates over the rightful attribution of laureateship and
the ethical considerations embedded—or ignored—within Nobel decisions.

Historical patterns also reveal recurring ethical blind spots. These include awards that appear to endorse
figures later criticized for violent or ethically fraught actions, such as Yasser Arafat’s Peace Prize, or scientific
legacies tied to harmful ideologies, including eugenics or racism (Crawford, 2021; Pasquale, 2015). Furthermore,
institutional and political pressures frequently influence decisions, separating scientific recognition from broader
social ethics. Hinton’s recognition continues this trend, as the Nobel Committee highlights technical
accomplishment while largely bypassing ongoing debates regarding AI’s societal impact, such as the labor
conditions of Al workers or the ethical consequences of deploying superintelligent systems (Bantugan, 2026;
Hinton, in City of Hobart, 2026).

This situation exemplifies a moral inversion that parallels historical Nobel controversies. Hinton’s
conceptual framing of intelligence—as scalable, performative, and ethically “neutral”—reflects a longstanding
pattern in which technical or intellectual achievement is celebrated, even as moral, relational, and societal
consequences remain unresolved. The ethical asymmetry becomes apparent as agency and value are attributed to
systems or laureates while responsibility is displaced onto others, whether Al workers or society at large,
replicating structural dynamics that have long characterized the institution (Bourdieu, 1993; Crawford, 2021).

The Political Economy of the Nobel Prize

The Nobel Prize functions not merely as an apolitical celebration of individual achievement but as a
deeply embedded political and symbolic institution, intertwined with broader economic, cultural, and ideological
structures. From its inception, the Prize has carried the authority to confer legitimacy, shape public discourse, and
reinforce dominant cultural narratives. The Peace Prize, in particular, has often operated as a symbolic instrument
of international norms and geopolitical agendas, reflecting the interests of powerful states rather than strictly
adhering to Alfred Nobel’s original mandate of disarmament or objective peace work. Controversial awards to
figures such as Henry Kissinger and Barack Obama have sparked debates about whether the Prize rewarded
genuine peace outcomes or served as geopolitical signaling aligned with Western liberal interests, highlighting
the Prize’s capacity to endorse specific worldviews and reinforce global power structures (Allan, 2006; Banet-
Weiser, 1999). Viewed through the lens of political economy, the Nobel Prize operates as a prestige institution
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within global hierarchies of influence, with decisions shaped by elite networks, institutional biases, and
geopolitical pressures that reproduce dominant structures in knowledge and politics (Bourdieu, 1993).

The structural mechanisms of Nobel selection further illustrate the political economy of the institution.
Nomination and deliberation processes are largely opaque, often kept secret for decades, limiting accountability
and allowing space for political maneuvering behind closed doors (Allan, 2006). Decision-making bodies,
historically anchored in Swedish and Norwegian political and academic circles, tend to privilege Western
paradigms while marginalizing non-Western perspectives, producing a Western-centric knowledge hierarchy
(Bourdieu, 1993). Moreover, the practice of laureates themselves nominating future winners creates a self-
reinforcing cycle in which elite recognition perpetuates the status of already privileged disciplines and institutions.
These dynamics reflect institutional capture and elite circulation, whereby control over recognition and resources
remains concentrated among powerful actors (Banet-Weiser, 1999).

The political economy of the Nobel Prize is also evident in the domain of economics. Although the Nobel
Memorial Prize in Economic Sciences was not part of Alfred Nobel’s original design, it has acquired global
prestige and authority that shapes economic thought. Critics argue that the Prize often favors neoclassical and
market-oriented frameworks, privileging neoliberal economic paradigms over alternative approaches (Berger,
1972). Given the direct policy implications of economic research for taxation, regulation, and welfare systems,
the authority conferred by a Nobel Prize can be mobilized politically to legitimize specific economic ideologies,
illustrating how recognition functions as both academic honor and instrument of public policy influence (Banet-
Weiser, 1999).

In this context, the recent Nobel Prize awarded to Geoffrey Hinton in physics exemplifies the intersection
of technical achievement, institutional prestige, and political economy. Hinton’s recognition reinforces the
privileging of technological expertise and innovation as markers of global knowledge hierarchies, valorizing
forms of intellectual production that are abstracted from the social and ethical labor underpinning Al systems
(Bantugan, 2026). Similar to earlier laureates whose work achieved political or social consequences beyond pure
scientific merit, Hinton’s award both reflects and contributes to the political economy of the Nobel Prize:
emphasizing high-impact technological innovation, reinforcing institutional prestige networks, and shaping global
conversations about Al—often independently of broader ethical, social, or political considerations (Crawford,
2021; Pasquale, 2015).

Ethical Responsibilities of the Nobel Prize and Mechanisms for Accountability

The Nobel Prize, as a global arbiter of intellectual, scientific, and humanitarian prestige, carries
significant ethical responsibilities, particularly regarding the broader social and moral implications of the work it
honors. Recognition should not valorize technical or political achievements in isolation from their societal
consequences. For instance, Geoffrey Hinton’s foundational Al research has enabled systems that raise profound
ethical questions concerning automation, labor, and safety (Nature, 2024). Society can reasonably expect the
Nobel Committee to integrate ethical reflection into the evaluation of contributions, particularly where
technologies or policies have far-reaching impacts.

Ethical responsibility also entails transparency and accountability in decision-making. Historically, the
Prize’s opaque nomination and selection processes have contributed to controversy and perceptions of bias
(PanopticFactotum, 2025). Greater transparency regarding criteria, deliberation processes, and potential conflicts
of interest would enable public scrutiny, helping ensure that the Prize does not inadvertently endorse work that is
socially or ethically harmful. Additionally, the political economy of the Nobel Prize reveals structural biases that
favor Western and elite institutions (DevelopingEconomics, 2024). Ethically, the Committee should actively
recognize underrepresented scholars, practitioners, and labor contributions, especially when human work sustains
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the technologies or discoveries being celebrated (Bantugan, 2026). Recognizing ethical labor alongside technical
innovation addresses historical patterns of moral asymmetry and affirms the broader human context in which
discoveries are made.

The Nobel Committee also bears a responsibility to uphold human-centric values, including ethical
reasoning, social justice, and the protection of vulnerable populations affected by technological or political
developments (NobelPrize.org, n.d.). Awards that neglect these dimensions risk legitimizing systems or actions
that are operationally powerful yet morally indifferent. Mechanisms for accountability include public and
scholarly scrutiny, as critical discourse, media analysis, and academic critique exert moral pressure on the
institution, as evidenced by repeated controversies in the Peace, Economics, and Physics categories
(Countercurrents.org, 2025). Procedural reforms could involve formal ethical review protocols requiring explicit
consideration of social impact and ethical ramifications, while independent oversight bodies or ethical advisory
panels could provide checks on bias and omission (Panoptic Factotum, 2025). Mandatory disclosure of nomination
and selection criteria—even in anonymized form—would allow society and scholars to evaluate whether awards
align with ethical and social responsibility standards (Developing Economics, 2024).

Finally, the Nobel Prize could extend recognition to ethical labor, such as Al annotators, moderators, or
other under-recognized contributors whose work sustains technological systems (Bantugan, 2026).
Acknowledging these contributions situates innovation within its social and ethical context, extending recognition
beyond abstract technical achievement. By integrating ethical reflection, enhancing transparency, and
acknowledging underrepresented contributors, the Nobel Prize can mitigate historical lapses and fulfill its role as
a morally and socially accountable global institution. Public scrutiny, procedural reforms, and formal ethical
review constitute practical pathways through which society can hold the Prize accountable for these
responsibilities.

Society can reasonably expect the Nobel Prize to operate not only as a mark of technical or intellectual
excellence but as a morally and socially accountable institution. By integrating ethical reflection, enhancing
transparency, and acknowledging underrepresented contributors, the Nobel Prize can mitigate historical lapses
and fulfill its role as a globally legitimate arbiter of human achievement. Mechanisms such as public scrutiny,
procedural reforms, and formal ethical review provide practical pathways for accountability.

Challenges of the Nobel Prize in Fulfilling Ethical Responsibilities

Organizational Secrecy and Opacity. One of the primary challenges is the institutional secrecy of the
Nobel Prize’s nomination and selection processes. Committee deliberations are sealed for 50 years, and the
identities of nominators and nominees are largely undisclosed (NobelPrize.org, n.d.). This secrecy limits external
accountability and public scrutiny, hinders the capacity of society to evaluate whether ethical considerations are
systematically integrated into award decisions, and Reinforces structural bias, as unchecked elite networks may
dominate decisions. The opacity reflects the tension between protecting deliberative integrity and maintaining
ethical transparency (PanopticFactotum, 2025).

Institutional Entrenchment and Elite Bias. The Nobel Prize is anchored in Swedish and Norwegian
institutional and cultural networks, with committees often composed of members from elite academic or
professional institutions (DevelopingEconomics, 2024). This produces challenges: (1) Western and Eurocentric
bias: Certain scientific, economic, or peace frameworks are prioritized over non-Western perspectives, limiting
the recognition of contributions from marginalized regions or underrepresented groups; and (2) Self-reinforcing
elite networks: Past laureates, nominators, and influential scholars often shape future awards, perpetuating
entrenched institutional hierarchies. Such structural characteristics make it difficult for the Prize to systematically
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account for ethical labor and social consequences, as recognition tends to favor prestige and reputation over moral
complexity.

Disentangling Ethical and Technical Merit. Another challenge is the separation of technical
achievement from ethical evaluation, especially in emerging and high-impact fields like artificial intelligence.
Laureates like Geoffrey Hinton are celebrated for technical innovation, but the societal consequences of AI—
including labor exploitation, algorithmic bias, and existential risks—are diffuse and morally complex (Nature,
2024). The Prize is not formally structured to weigh ethical impact alongside intellectual merit, creating a gap
between technical recognition and social responsibility. This mirrors historical controversies, such as Nobel Peace
Prize awards to figures whose political or social actions were cthically contested, demonstrating a persistent
tension between achievement and responsibility (Countercurrents.org, 2025).

Historical and Cultural Inertia. The Nobel Prize operates under the legacy of Alfred Nobel’s original
will, which prioritizes certain domains of achievement (physics, chemistry, medicine, literature, peace, and
economics) over others. Challenges include:

Rigid disciplinary boundaries: Emerging interdisciplinary fields (e.g., Al ethics, climate science, digital
humanities) may be difficult to evaluate within existing categories.

Slow adaptation to societal values: Ethical norms evolve faster than institutional procedures, meaning
that the Prize may continue to valorize achievements that are socially or morally contested.

This inertia reduces the Prize’s ability to proactively address ethical responsibilities aligned with
contemporary societal concerns.

Balancing Global Influence and Neutrality. Finally, the Nobel Prize wields immense global influence,
which presents challenges: (1) Awards implicitly shape public understanding of what counts as valuable
knowledge, which can legitimize controversial technologies or political actions (Panoptic Factotum, 2025); and
(2) Maintaining perceived neutrality while incorporating ethical scrutiny is inherently difficult, as moral
judgments are context-dependent and politically sensitive (Developing Economics, 2024). The tension between
prestige, authority, and ethical responsibility reflects a structural challenge intrinsic to the Prize’s design as a high-
stakes, symbolic institution.

Addressing Challenges and Correcting Ethical Lapses of the Nobel Prize

Given the structural, historical, and ethical challenges of the Nobel Prize, society-at-large has a critical
role in ensuring accountability, transparency, and ethical responsiveness. Multiple strategies can help mitigate
lapses and align the Prize with contemporary moral and social expectations.

Promoting transparency and public scrutiny is a critical step toward addressing the longstanding opacity
of the Nobel Prize’s nomination and selection processes. Society can demand greater disclosure regarding
selection criteria, committee deliberations, and nomination rationales. While full transparency may not be
immediately feasible, anonymized reporting or summary justifications for awards could provide meaningful
insight into decision-making. Academic and journalistic institutions play a key role in this process by
investigating, critiquing, and publicizing potential ethical oversights, applying moral scrutiny similar to critiques
of controversial Peace or Economics laureates (PanopticFactotum, 2025). Independent audits or annual ethical
reviews of laureates’ work could further ensure that award decisions reflect both intellectual merit and broader
social consequences (DevelopingEconomics, 2024).
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Institutionalizing ethical considerations within award criteria addresses the separation of technical
achievement from moral and societal impact. Nobel committees could establish formal ethical review panels to
assess the societal consequences, moral implications, and labor-related dimensions of nominated work (Nature,
2024). In technology-focused awards, such as those involving Al, this approach would consider not only the
technical innovation but also the ethical labor that sustains deployment, including human moderators, annotators,
and affected communities (Bantugan, 2026). By incorporating ethical metrics alongside traditional measures of
scientific or literary excellence, the Committee can ensure that responsible innovation is recognized alongside
technical performance.

Encouraging diverse and inclusive recognition mitigates elite, Western-centric, and institutional biases
in Nobel selections. Society can pressure the Committee to broaden representation both in membership and
laureate selection, ensuring that non-Western scholars, practitioners, and historically overlooked laborers receive
due acknowledgment (Developing Economics, 2024). Media campaigns, professional associations, and public
discourse can further highlight marginalized contributions, creating moral pressure to rectify historical
asymmetries (Countercurrents.org, 2025). Advisory boards or partnerships with institutions representing diverse
geographies and disciplines could provide nominations and guidance on ethical and social impact, reinforcing the
inclusivity of selection processes.

Public dialogue and scholarly debate are essential mechanisms for accountability, particularly in
addressing the perceived neutrality of the Prize versus its societal influence. Continuous engagement from global
scholars, ethicists, and civil society allows society-at-large to question awards when ethical or social costs are
overlooked. Open forums, conferences, and publications can critically analyze laureates’ contributions,
emphasizing the moral and societal weight of their work in addition to technical achievement (PanopticFactotum,
2025). Collaborative platforms can facilitate ongoing review and discussion of the social consequences of Nobel-
recognized work, increasing public awareness and scrutiny.

Recognition of ethical labor and collective contributions addresses the moral asymmetry between
primary laureates and supporting actors. Expanding Nobel recognition to include those whose work ensures
socially responsible implementation of innovations—such as Al annotators, moderators, and engineers—broadens
the ethical understanding of achievement (Bantugan, 2025). This approach corrects the historical tendency to
valorize abstract technical accomplishments while neglecting the human responsibility and relational labor that
underpins such systems.

Finally, institutional reform and accountability mechanisms are necessary to overcome structural inertia
and historical lags in ethical standards. Society can propose reforms including mandatory ethical impact
statements, independent oversight, and periodic external audits of Committee practices. Legal and policy
frameworks may also be leveraged to promote accountability in high-impact domains, particularly where
laureates’ work has significant societal consequences, such as Al or global economics (Nature, 2024). Civil
society or academic watchdogs can monitor alignment between the Prize and ethical or social norms, ensuring
that recognition remains both intellectually and morally legitimate.

By combining transparency, ethical evaluation, diversity, public scrutiny, and recognition of labor,
society-at-large can mitigate the ethical lapses of the Nobel Prize. These measures ensure that laureates are not
only technically or intellectually accomplished but are also socially and morally responsible, aligning the Prize
with contemporary global ethical standards.

Specific Institutions that can be held Responsible and Accountable for Corrective action

Specific institutions can be clearly identified as responsible and accountable for implementing the
corrective actions outlined above, with accountability distributed across both internal Nobel bodies and external
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societal actors. Within the Nobel system itself, the Nobel Committees for each prize category—Physics,
Chemistry, Medicine, Literature, Peace, and Economics—hold primary responsibility for ensuring that ethical
evaluation is embedded in the nomination and selection process. These committees are expected to consider not
only intellectual merit but also the social consequences of nominees’ work, integrate diverse perspectives, and
maintain transparent selection criteria (NobelPrize.org, n.d.). Accountability mechanisms may include periodic
ethical audits, independent oversight structures, the publication of anonymized justification reports, and the formal
inclusion of ethical advisors in committee deliberations.

At the institutional level, the Nobel Foundation, as the overarching administrative body, bears
responsibility for governance, resource allocation, and safeguarding the integrity of the Prize in line with Alfred
Nobel’s ethical intent. This includes ensuring that selection procedures evolve in response to emerging ethical
challenges, particularly in high-impact fields such as artificial intelligence. The Foundation can be held
accountable through the adoption of formal ethical guidelines, independent monitoring mechanisms, and regular
public reporting on procedural reforms and ethical safeguards (PanopticFactotum, 2025).

Affiliated academies, such as the Royal Swedish Academy of Sciences, the Norwegian Nobel
Committee, the Karolinska Institute, and the Swedish Academy for Literature, also play a crucial role in shaping
Nobel outcomes. These institutions are responsible for providing expert evaluations of candidates while explicitly
integrating moral, social, and ethical dimensions into their assessments. Accountability may be strengthened
through internal policy reforms that require ethical and social impact assessments, diversification of committee
membership, and deliberate efforts to confront historical and structural biases in recognition
(DevelopingEconomics, 2024).

Beyond the Nobel institutions themselves, external stakeholders contribute essential layers of
accountability. Academic and research institutions—including universities, research centers, and professional
societies—are responsible for fostering ethical awareness among scholars whose work may be nominated for
Nobel recognition. They can promote inclusive nomination practices, foreground ethical labor contributions, and
ensure that overlooked contributors are acknowledged. Mechanisms for accountability include ethical certification
programs, clearer expectations for nominators, and public documentation of collective and supporting labor in
research outputs (Bantugan, 2025).

Civil society organizations and non-governmental organizations focused on ethics, human rights, labor,
and technology governance also play a vital monitoring role. These groups are responsible for scrutinizing the
social and ethical consequences of laureates’ work, advocating for marginalized communities, and publicly
challenging Nobel decisions when ethical concerns are ignored. Their accountability mechanisms include issuing
public reports, organizing advocacy campaigns, releasing open letters, and developing ethical rankings or
assessments of laureates’ societal impact.

Media institutions and scholarly platforms further reinforce accountability by maintaining independent
scrutiny of Nobel decisions. Journals, news outlets, and academic forums are responsible for investigating ethical
implications, amplifying critical perspectives, and sustaining public discourse on controversial awards.
Investigative reporting, peer-reviewed critique, and wide dissemination of ethical concerns serve as powerful tools
for holding Nobel institutions accountable.

International policy and standards bodies, such as UNESCO, the International Labour Organization
(ILO), the OECD, and global ethics councils, contribute by establishing norms for socially responsible research
and advising on ethical evaluation criteria for high-impact recognition. While these bodies do not directly govern
the Nobel Prize, they can issue global guidelines or ethical frameworks that the Prize may voluntarily adopt to
enhance legitimacy and social responsibility.
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Ultimately, accountability is most effective when it operates synergistically across these levels. Internal
Nobel institutions are responsible for enforcing procedural and ethical reforms from within, while external actors
provide independent scrutiny, highlight neglected ethical labor, and sustain societal pressure for inclusivity,
transparency, and social impact. This multi-layered system of accountability directly addresses the structural
opacity, elite bias, and ethical asymmetries that have surfaced in the context of Al-related recognition and in
broader historical Nobel controversies (Nature, 2024; Panoptic Factotum, 2025).
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